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Figure 8: Degree distribution of the graphs.

Table 1: Characteristics of graphs that represent the spatial network of Alicante.

Graph types Graph properties
' Nodes | Edges | Graph Graph Average
| diameter density degree
Primal graph 1802 | 2861 | 96 0.0018 3.18
| Edge to vertex dual graph 2861 | 6690 | 96 0.0016 4.68
Edge to vertex dual graph
(1iuge s C;itega) 758 | 4084 |20 0.0142 10.77
| Face to vertex dual graph 1057 | 2169 [ 71 0.0039 4.10
| Delaunay graph 1057 | 2978 |55 0.0053 563

AGRYZKOV T,0LIVER JL,TORTOSA L,et

al.DIFFERENT
Figure 7:  Different graph types of the urban network of Alicante; (a) Primal graph; (b) TYPES OF GRAPHS TO MODEL A
Edge to vertex dual praph; (c) Edge to vertex dual graph (street linearity C[TY[C]/ / PVOC@@O{{'V\gS

criteria); (d) Face to vertex dual graph; (e) Delaunay graph by faces.

of the 2017 CMEM Conference.Alicante, Spain:WIT
Press,2017:71-82.
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Prediction and Graph Neural Networks[C]//Proceedings of the 40th International Conference on Education and
Research in Computer Aided Architectural Design in Europe.Ghent,Belgium:eCAADe,2022:Volume 1.

EISENSTADT V,LANGENHAN C,ALTHOFF KD.Generation of Floor Plan Variations with Convolutional Neural Networks
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spatial configurations[C]//Proceedings of the 3ath International Conference on Education and Research in Computer
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BIREE2:>]: Deep Graph Library (Python)
NetworkX

DEEP
O Network Analysis in Python .'Io >G LIBRARY

NetworkX is a Python package for the creation, manipulation, and study of the

structure, dynamics, and functions of complex networks.

DGL-LifeSci DGL-KG

Software for complex networks _
NN GNN Message-Passing Graph

Graph | nodules Interface Algorithm

« Data structures for graphs, digraphs, and multigraphs

Deep Graph Library

« Many standard graph algorithms
» Network structure and analysis measures

DGL Runtime

» Generators for classic graphs, random graphs, and synthetic networks

» Nodes can be "anything" (e.g., text, images, XML records)

PyTorch MXNet TensorFlow

» Edges can hold arbitrary data (e.g., weights, time-series)

» Open source 3-clause BSD license
« Well tested with over 90% code coverage

« Additional benefits from Python include fast prototyping, easy to teach, and multi- GPU(s) CPU Clustar

platform

Platform Backend

©2014-2024, NetworkX developers.

https://networkx.org/ https://github.com/dmlc/dgl?tab=readme-ov-file
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